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Figure 1. Adapted model for clinical information (MCI)

Our approach
We tested the system on our use case of mammography. We
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Using this information as input, it is possible to predict therapeutic

measures with an accuracy of 0.59. Further error reduction for the
IE results is planned to be integrated into the interactive facetted
search application based on the IE results.

Figure 2. UIMA and SOLR integration for decision support

Table I
FEATURES TO BE EXTRACTED (UNDERLINED) FROM THE CLINICAL REPORTS AND TO AVOID FALSE POSITIVES (CROSSED OUT).

(1) Type of operation conducted (OP)
Freitext Therapie: Ablatio re, SNB (blau) ggf Axilla
Axilladissektion besprochen, da XXXXXXXX die primaer empfohlene Ablatio—mammae strikt ablehnte.
(2) Tumor size (Size)
Klinik: Mammakarzinom links, c¢Tl cNO, 1,7 cm.
I.: Maximal 1,2 cm groBes maBRig differenziertes invasiv—-duktales Mammakarzinom
Nach kaudal Abstand 6+3em.
(3) Grading of tumor (Grading)
Anteile eines maRig differenzierten, vorwiegend solide wachsenden Mammakarzinoms (linke Mamma, 1t.
Klinik) .
Klinik: Mammakarzinom links, IDC G2.
Vorgeschichte: XXXXXXXXXXXX, eine XXXXXXXXXX Patientin (&+/P1)
(4) Lymph node status (LK)
pT2 pN1lmi (1/13) LO VO PnO
(5) Hormone receptor state (Hormone)
Ostrogenhormonrezeptoren: > 80 % (IRS 12/12)
Progesteronhormonrezeptoren: negativ
(6) HER2 state (HER2)
HER 2-Onkogen-Protein-Expression: 0 (negativ).
HER 2-Onkogen-Protein-Expression: Score 1+, somit negativ.
Ratio HER2/CEN17 = > 5
(7) Lymphatic spread (Lymph)
pT3 pNO LO VO Pnl G2 R1
Kapsel &+, Kapsel 2+3 L2, Kapsel 4+5 L3, Kapsel 6+7 [...]
Lymphangiosis carcinomatosa
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